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Abstract

Human capital is one factor that significantly influences local economic growth. Our
goal in this research is to analyze trends in local human capital dynamics during the
past thirty years. The authors find little evidence of convergence in college
attainment across metropolitan and nonmetropolitan areas and evidence of
divergence across Census regions. The authors also find within-distribution diver-
gence for all labor markets, as well as for metropolitan and nonmetropolitan areas,
which is accompanied by lower levels of intra-distributional mobility than we
observe for the income distribution. To the extent that human capital accumulation
drives growth, these trends are likely to contribute to increasingly different levels of
income growth across labor markets in the future. Finally, looking at factors that
influence upward mobility within the distribution, the authors find that an increase
in the number of four-year colleges and universities per capita increased a labor mar-
ket’s upward rank and quintile mobility in human capital.
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Introduction

The dynamics of income growth across labor markets continue to command the
attention of national, state, and regional policy makers. This interest translates into
a vast literature investigating the sources of economic growth across all geogra-
phies. Within the United States, there are well-established literatures examining
the sources of growth at the state and metropolitan levels. In addition, there is a
growing literature examining growth on a more complete (and sometimes more
disaggregated) scale, so that nonmetropolitan labor markets (or counties) are
included in the analysis as well.

Studies that use a comprehensive set of regions find that a number of factors
influence regional economic growth. This list often includes industry mix, race,
geography, amenities, taxes, private physical capital investment, and sometimes
public capital investment. In addition, human capital often appears as an important
source of regional growth and sometimes as the most important driver of growth.

The importance of human capital accumulation for economic growth suggests
that policy makers and researchers should understand the dynamics and determi-
nants of human capital accumulation. To date, this has not attracted as much atten-
tion. Berry and Glaeser (2005) examine U.S. human capital growth trends and
determinants during the 1970-2000 period using data on the share of metropolitan
area residents with a bachelor’s degree or better. They find that the distribution of
human capital diverged during the period and that the concentration of skilled work-
ers is influenced by the tendency of entrepreneurs to employ high-skill workers.
Wheeler (2006) also finds evidence of human capital divergence in U.S. metropol-
itan areas during the 1980-2000 period. This research suggests a role for amenities,
industry mix, and the presence of colleges and universities to increase metropolitan
human capital accumulation. In contrast, Suedekum (2006, 2008) finds evidence of
human capital convergence for Germany during the 1977-2002 period, after control-
ling for industry mix, market potential, and firm size. Finally, Hammond and
Thompson (2008) find that tax rates, the presence of universities, and amenities all
influence growth in human capital across 722 metropolitan and nonmetropolitan
U.S. labor market areas but do not examine convergence dynamics.

Overall, the importance of human capital for regional growth strongly suggests
that additional research into trends, dynamics, and determinants of human capital
accumulation would be beneficial. Our aim in this article is to document trends in
local human capital accumulation across a comprehensive set of labor markets in the
lower forty-eight U.S. states during the 1970-2000 period. We expand on the previ-
ous literature in four ways: first, we will analyze data for both metropolitan and non-
metropolitan areas, second, we analyze these trends across Census regions
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(including breakdowns by metropolitan and nonmetropolitan labor markets), third,
we expand the analysis to include an examination of convergence/divergence trends
using distribution dynamics concepts popularized by Quah (1993) and finally we
explore structural determinants of mobility within the human capital distribution.

Using data from the Census of population for 1970, 1980, 1990, and 2000, we find
that the skill upgrading experienced by the U.S. economy during the past thirty years
has not been evenly distributed across Census regions or across metropolitan and non-
metropolitan areas. Indeed, we find evidence of divergence across Census regions and
no evidence of convergence in college attainment across metropolitan and nonmetro-
politan areas. We also find evidence of within-distribution divergence for all labor
markets, metropolitan areas, and nonmetropolitan areas. In addition, we find that the
regional college attainment distribution shows relatively low levels of intra-
distribution mobility, compared to the regional income distribution. For labor markets
that do exhibit mobility within the distribution, we find that the concentration of col-
leges has a significant positive impact on upward mobility. Overall, these results sug-
gest that human capital accumulation may be a force for regional income divergence in
the future and that the ability of a labor market to generate human capital is an impor-
tant part of the process of increasing the concentration of highly educated residents.

This article proceeds as follows. The next section presents the background
and literature for our research. Then, we present the data and basic trends in U.S.
human capital accumulation and follow that with the results of our analysis of
distribution dynamics. We then consider factors that influence mobility within the
distribution and then offer concluding comments.

Background and Literature

Economic growth is of critical concern to policy makers at the national, state, and
regional levels. This interest has contributed to a large literature on the sources of
economic growth at all geographic levels. Various sources of growth have been
examined in the literature, including private physical capital investment, public
capital investment, and human capital, among other influences (such as amenities,
institutions, tax policy, and external economies such as agglomeration economies).
One important source of growth that is cited often in the literature is human capital.

For instance, for U.S. metropolitan areas, Shapiro (2006), Drennan (2005),
Glaeser and Saiz (2004), Moretti (2004), Simon and Nardinelli (2002), Simon
(1998), Glaeser, Scheinkman, and Shleifer (1995), Crihfield and Panggabean
(1995), and Rauch (1993) examine determinants of growth for metropolitan areas
(and cities) and find that human capital has a powerful impact on economic perfor-
mance, measured by population, employment, and income growth, as well as pro-
ductivity. These studies also examine a variety of influences on metropolitan
growth, including industry mix, amenities, race, and geography, as well as manufac-
turing and public capital investment.
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However, a focus on metropolitan areas and cities may yield results that are
biased toward convergence, since, by design; the data set excludes nonmetropolitan
areas. As noted by Beeson, DeJong, and Troesken (2001), the focus on cities and
metropolitan areas may lead to the sort of selection bias noted by DeLong (1988)
in his analysis of Baumol’s (1986) convergence results for Organisation for
Economic Co-operation and Development (OECD) countries. A more general inves-
tigation of convergence and growth should consider all labor markets, not just a sub-
set, even if that subset accounts for a large share of the population.

While much research has focused on nations, states, and metropolitan areas, there
is a growing literature examining growth determinants across all regions within
nations, including both metropolitan and nonmetropolitan areas. Studies along these
lines include Hammond and Thompson (2008), Hammond and Thompson (2006),
Hammond (2006), Higgins, Levy, and Young (2006), Hammond (2004), Henry,
Barkley, and Li (2004), Huang, Orazem, and Wohlgemuth (2002), Rupasingha,
Goetz, and Freshwater (2002), Beeson, DeJong, and Troesken (2001), Nissan and
Carter (1999), and Carlino and Mills (1987), which explore the issue of growth in
metropolitan and nonmetropolitan areas, and find a significant role for human cap-
ital accumulation as a determinant of regional growth.

Thus, human capital, usually measured as the share of a labor markets population
with a given level of educational attainment, has been identified as an important
source of local economic growth. This highlights the importance of understanding
the dynamics of regional human capital accumulation and the underlying factors
driving these trends. For instance, is human capital concentrating in certain regions
(the West?) or types of labor market (metropolitan areas?). If so, then the growth
literature suggests that these labor markets will experience a long-run growth advan-
tage as well. An additional important question concerns the distribution of human
capital across labor markets. If human capital is becoming more concentrated in cer-
tain labor markets, then this may contribute to income divergence in the long run.
Furthermore, the importance of human capital raises the issue of policy responses
by local authorities, who will want to encourage greater human capital accumulation
within their jurisdictions. Thus, an important question will involve determining the
fundamental sources of human capital growth over time.

This issue has not received as much attention in the literature to date.> Wheeler
(2006) finds evidence of human capital divergence in U.S. metropolitan areas during
the 19802000 period and examines the impact of amenities, detailed industry mix,
and the presence of colleges and universities on growth in college attainment. The
results suggest that all three factors may play a role. Berry and Glaeser (2005) also
find divergence across metropolitan areas in the concentration of residents with a
bachelor’s degree or better during the 1970-2000 period. They present evidence sug-
gesting that the educational divergence has been driven by the tendency of skilled
entrepreneurs to innovate in ways that raise the demand for skilled workers.

As part of an analysis of regional income growth, Hammond and Thompson
(2008) examine a number of factors that may influence human capital accumulation
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across a comprehensive set of labor markets for the lower forty-eight U.S. states,
including metropolitan and nonmetropolitan areas. They find that tax rates, the
presence of colleges and universities, and amenities all influence human capital
growth. In addition, Suedekum (2006, 2008) examined human capital accumulation
in both metropolitan and nonmetropolitan areas in Germany but found convergence
of the skill composition of across labor markets, in contrast to results for the United
States, after controlling for industry mix, market potential, and firm size.

Suedekum (2006, 2008) argues that skilled workers might migrate out of a high-
skill labor market in response to lower wages (which are driven down by the abun-
dance of high-skill workers). In this case, there would be convergence in skilled
labor between labor markets, with the share of skilled workers growing more slowly
in areas with higher initial levels of skilled workers. However, if there is a strong
productivity spillover, then wages could rise faster in labor markets with a higher
share of skilled workers (Suedekum 2006, 2008). In this case, there would be a
divergence in the share of skilled labor across labor markets and the share of skilled
labor would grow faster in areas with a higher initial share of skilled workers. Other
demand-side factors may play a role as well, including initial industry mix
(Suedekum 2008, 2006, Wheeler 2006) and the concentration of entrepreneurs (as
identified by Berry and Glaeser 2005).

In addition to these demand-side considerations, supply-side factors would
influence the growth in skilled labor among labor markets. In particular, in making
migration decisions, skilled workers may be more or less responsive to natural ame-
nities in a location such as climate, topography, or access to water. The number of
skilled workers in a labor market could be more responsive to taxes, particularly
since higher taxes may discourage unskilled worker from making an investment
in education to become skilled workers.

Finally, as noted by Groen (2004) and Bound et al. (2004), areas with more uni-
versities and college students may experience higher college attainment rates. For
instance, Groen investigates the impact that attending college in a state has on the
probability of continuing to work in that state after graduation, for two national sam-
ples of undergraduate students. The results suggest that college attendance in a state
has a positive and statistically significant impact on in-state work. Bound et al.
investigate how state-level production of college graduates affects the stock of
college-educated workers in state and find a modest link between state college-
graduate production and the stock of bachelor’s degree workers.

Overall, the literature has identified divergence in college attainment across U.S.
metropolitan areas (but not across German regions) and identified a role for entre-
preneurs, amenities, industry mix, tax rates, and the presence of colleges and univer-
sities in generating growth in college attainment rates in U.S. metropolitan areas. In
this research, we add to the literature by examining growth and convergence trends
in college attainment for a comprehensive set of labor markets in the lower forty-
eight U.S. states, including both metropolitan and nonmetropolitan areas. We also
analyze distribution dynamics more directly by using discrete-time transition
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matrixes, as well as standard measures of intra-distributional mobility. This provides
more information on relative performance during the period by focusing attention on
how much labor markets move within the distribution. We then model links between
intra-distributional mobility and regional characteristics, such as local amenities, tax
rates, entrepreneurship, and the presence of colleges and universities.

Data and Basic Trends in College Attainment
Concentration: 1970-2000

We begin by characterizing basic growth and convergence trends in college attain-
ment across local labor market areas (LMAs) in the lower forty-eight U.S. states.
Our measure of human capital is college-level educational attainment. While this
is just one component of overall human capital accumulation (other indicators might
include health, etc.), it is an important and often-used metric in the literature. We
take our measures of educational attainment from the U.S. Bureau of the Census,
Census of Population, for 1970, 1980, 1990, and 2000. We focus on the share of res-
idents of lower forty-eight U.S. states age 25 and older that report a college level
(bachelor’s degree or better) of education as their highest level of attainment. It is
important to note that the Census of Population has changed the relevant definitions
during our period of interest. For the 1970 and 1980 Census surveys, college-level
attainment is measured by the share of residents that report four years of college
or more as their highest level of attainment. For the 1990 and 2000 Census surveys,
college-level attainment is measured by the share of residents that report a
bachelor’s degree or more as their highest level of attainment.

We gather data from each Census at the county level and then aggregate to LMAs
defined by the U.S. Department of Agriculture Economic Research Service (ERS).
These mutually exclusive and exhaustive local labor markets were developed by the
ERS to capture commuting zones in nonmetropolitan as well as metropolitan areas.
There are 722 LMAs in the data set, 256 are metropolitan and 466 are nonmetropoli-
tan. Metropolitan areas include one or more metropolitan statistical areas (MSAs) and
nonmetropolitan areas are those which do not contain any counties included in an
MSA (Tolbert and Sizer 1996). These LMAs, which county-to-county commuting
data from the 1990 Census reveal to be integrated labor markets, are an appropriate
aggregation of counties for the study of phenomena that influence local economic
growth.” We also prefer aggregating county data to the LMA level because this should
reduce the influence of spatial spillovers on our results, particularly when compared to
county data. For descriptive purposes, we aggregate these LMAs to state and Census
regions, based on the state with the largest county (by population) in the labor market.

Growth Trends by Census Region and Metropolitan/Nonmetropolitan Status

The United States has posted huge increases in college-level educational attainment
during the past thirty years. Indeed, in 1970, 10.6 percent of residents age 25 and
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older in the lower forty-eight U.S. states had four years or more of college as their
highest level of educational attainment according to the Census of Population. By
1980, that share rose to 16.2 percent, a gain of 52.2 percent in just 10 years. In
1990, 20.3 percent of U.S. residents had a bachelor’s degree or better and by
2000 that share rose to 24.4 percent. Thus, the share of the population age 25 and
older in the United States with a bachelor’s degree or better has risen by 129.1 per-
cent during the past thirty years.

As table 1 shows, educational attainment levels and growth rates are very differ-
ent across regions of the country and across metropolitan and nonmetropolitan areas.
In 2000, the Northeast had the highest concentration of college-educated residents
(with 27.5 percent), followed by the West (with 26.2 percent), the Midwest (22.9
percent), and the South (22.5 percent). Growth in college educational attainment
also differed significantly across Census regions. Indeed, the largest increases in
college-level attainment were achieved in the Northeast, which generated in increase
in the share with a bachelor’s degree of 145.6 percent (from 11.2 percent in 1970 to
27.5 percent by 2000). Next fastest was growth in the Midwest, with an increase of
138.0 percent, followed by the South, with 130.7 percent, and the West, with 100.3
percent). These trends suggest geographic divergence of college-educated residents
during the period, with the high-attainment Northeast region pulling away, while the
low-attainment regions in the South and Midwest making progress catching up to the
West. Indeed, the standard deviation of college attainment across these four regions
rose from 1.62 in 1970 to 2.47 by 2000, an increase of 52.3 percent during the period.

Table 1 also shows results for metropolitan and nonmetropolitan areas. By 2000,
25.6 percent of residents of metropolitan areas had a bachelor’s degree or better, com-
pared to 15.7 percent for nonmetropolitan LMAs. That difference generates a gap of
9.9 percentage points, which means that the college-educated share is 63.1 percent
higher in metropolitan areas. The South posted the largest percentage gap between
metropolitan and nonmetropolitan attainment (with metropolitan attainment 74.4 per-
cent above nonmetropolitan), followed by the Midwest (54.9 percent), the Northeast
(48.8 percent), and the West (33.0 percent). Notice also that the metropolitan/nonme-
tropolitan gap for the United States has fluctuated during the last thirty years, falling
from 58.9 percent in 1970, to 54.9 percent in 1980, then rising to 65.8 percent in 1990,
and finally dropping to 62.6 percent by 2000. During the past thirty years, the percent-
age gap between metropolitan and nonmetropolitan attainment rose most quickly in
the Northeast and Midwest, up by 22 percent and 20 percent, respectively. The per-
centage gap rose modestly in the South, by 5.0 percent, and fell in the West by 14.0
percent. Overall, the data suggest large college education gaps between metropolitan
and nonmetropolitan LMAs that have not closed during the past thirty years.

Convergence Trends for College-Level Educational Attainment

We now focus on issues related to convergence trends. The results by Census region
and by metropolitan/nonmetropolitan status show large variation over time in

Downloaded from irx.sagepub.com at UNIV NEBRASKA LIBRARIES on February 12, 2016


http://irx.sagepub.com/

's3unod paysiiqnd snsuad

wouJy JoyIp sjer01 uonendod ‘siopaogq 91e1s SSO.Ud AeW SES.JE 19)[JBW JOqe| 9S3Y3 SDUIS "SIUSPISS. ISOW B3 JOj SIUNOIIE YDIYM 18IS Syl 01 paudisse aJe Yoiym
‘Sea.E 19)|/BW JOGE| BUISN PRIIN.ISUOD S| SUOIZA.I SNSUDY) 10} BIE "AM VM ‘LN “YO ‘AN ‘WN ‘LW ‘dl ‘0D VD ‘ZV 3S9M "AM VA XL ‘NL ‘DS YO DN ‘SW
‘AW V1A VD 14 ‘3A DA WV “TV BNOS “IAA ‘S ‘HO ‘AN ‘AN ‘OW ‘NI ‘I ‘S ‘NI “11 VI 3S9MPIW “LA ‘1Y “Vd ‘AN ‘TN ‘HN ‘TW ‘VIA “LD :3583U3I0N 930N

7801 LT L0l 9bS 0T 991  O0SlI /L6 155 1TS'€ ueyjodo.zawuoN
166 §'5l 4:] g'sy 89z  Ter L6l SEl €01'SL1'S€E uejodo.naly
€001 651 6L §9% 79T 9T Tsl '€l ¥#9'969'8€ ISOA
i 1T I'61 I'pS gel VIl 96 9 788'6£001 ueljodo.zswuoN
€12 66l 8T 6'1S I'Y%C 10T 191 90l VEB'TIT'LS ueyjodo.zaly
LOE| ¥'0T (474 6TS ST L8  6¥l 86 91LTHE'L9 {anos
:2gd X4 691 0'9S LSl 8T 601 0L S0L'159'9 ueljodozswuoN
g'8el §HT 9'sT 97s V¥T 961 9SI TOl 99T¥SLTE uejodo.naly
0'8El 94T Xg4 0'€s 67T ¥8l LYl 96 1£6'SO¥'6€ 3S9MPIlY
an 06l S€T §'LS 181 LSI LT 1'8 L6€SSI°] ueajodozawuoN|
191 £0T LTE THS 8/t I'et ¥ €11 8/8'8TH'v€ uejodo.naly
°Xid 4114 bTe THS ST 6T €L TII SLT'Y8S'SE IseaylIoN
Kxd| (44 A L'SS LSl 6T Ol 0L STS'80¥'1T ueyjodo.zawuoN
€8Tl L6 9'sT gl1s 95T €1z 0L Tl 180'179'651 ueajodo.naly
1621 00T ¥'ST TS V¥T €07 T9I 90l 909'620°18I saye35 paaiun
0007-0/61  000T-0661 06610861  0861-0/61 000 0661 0861  0L6l 000T

93ueyD) JUDIR] dJeYS

(%) 491399 41O

soRYdRg YUAA +ST
uone|ndod jo aJeys

+g¢ uonejndog

sn3elg 0433)y pue UoISaY snsua") Aq JUSWIUIRIIY [BUOIBINPT [9A9T-983(|0D) *| dlqeL

404

Downloaded from irx.sagepub.com at UNIV NEBRASKA LIBRARIES on February 12, 2016


http://irx.sagepub.com/

Hammond and Thompson 405

16
A [——1970 - 1980 ---- 1990 —— 2000
14 / \
12
’ k.”". Std.Dev. Skew. Kurt.
10 A 2000 6.2 12 1.8
HIE 1990 53 13 2.2
RS 1980 4.4 15 441
1.3 3.1

8 X/\ 1970 3.1
6 YR
= ¥ B

4 1
¥ CR
T KR
H K
H s
2 s P
i
H
0 ‘- L L | | |

0% 10% 20% 30% 40% 50% 60% 70% 80%  90%

Figure |. Kernel density estimates of the concentration of college attainment for all LMAs.
Share of residents with a bachelor’s degree or more. LMAs = local labor market areas.

growth rates. However, these relative growth trends may or may not generate
convergence within the regional distribution of educational attainment over time.
To investigate convergence trends, we summarize the data in a different way.

Figure 1 gives a more detailed view of the evolution of the distribution for
all regions, using kernel density estimates. The distribution drifts to the
right, which depicts the advancing educational attainment on average across all
LMAs. Note as well that the kernel density estimates reflect a large increase in
dispersion across LMAs during the past thirty years. Indeed, the standard devia-
tion doubles from 1970 to 2000, rising from 3.1 to 6.2. Furthermore, the distribu-
tion is skewed to the right, which indicates relatively high rates of college
attainment at large levels, although the skewness does not change much over
time. The distribution also gradually becomes less peaked over time, relative
to the normal distribution, as kurtosis falls from 3.1 in 1970 to 1.8 by 2000. This
indicates a higher probability of values away from the mean in 2000 than in 1970.
Overall, the data for all ERS LMAs indicate that the distribution diverged during
the period. Thus, college educational attainment rates have become less similar
across LMAs over time.

Figure 2 depicts the evolution of the college attainment distribution across met-
ropolitan and nonmetropolitan LM As during the 1970-2000 period, again using ker-
nel density estimates. The figure makes clear that college attainment rates have been
rising on average for metropolitan LMAs, because the distribution drifts to the right
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Figure 2. Kernel density estimates of the concentration of college attainment for
metropolitan and nonmetropolitan LMAs. Share of residents with a bachelor’s degree or
more. LMAs = local labor market areas.

over time. In addition, we note a large increase in the standard deviation during the
past thirty years, from 2.9 in 1970 to 6.0 by 2000. The metropolitan distribution also
displays relatively low levels of right skewness and skewness declines during the
past thirty years. The metropolitan distribution also shows relatively low levels of
kurtosis, which falls from 0.8 in 1970 to 0.0 in 2000. The metropolitan distribution
shows a strong trend toward divergence during the past thirty years, as noted by
Berry and Glaeser (2005).

As Figure 2 also shows, we find evidence of strong increases in the dispersion
of college attainment across nonmetropolitan LMAs, with the standard deviation
of the distribution doubling from 2.7 to 5.4. The nonmetropolitan distribution is
more right skewed than the metropolitan distribution and the degree of skewness
is similar in 1970 and 2000. The nonmetropolitan distribution also displays more
kurtosis than does the metropolitan distribution and kurtosis falls from 9.0 in 1970
to 7.0 by 2000.

Overall, our analysis of the basic trends in college attainment during the past
thirty years indicates large differences in the evolution of the distributions over time.
We find evidence of large increases in average college educational attainment for
both metropolitan and nonmetropolitan LMAs during the period but that growth was
fastest for metropolitan LMAs. We also find evidence of divergence in the college
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attainment distribution for all LMAs, as well as for both for metropolitan and
nonmetropolitan LMAs. Indeed, the standard deviation of each distribution roughly
doubles during the thirty-year period, while kurtosis declines.

Analysis of Distribution Dynamics

Our analysis of trends in the concentration of human capital so far indicates diver-
gence within the college attainment distribution for all LMAs (and for metropol-
itan as well as nonmetropolitan LMAs). However, these basic trends obscure more
detailed information on mobility within the distribution over time. For instance, a
distribution that is diverging over time may do so with little or no intra-
distribution mobility. In this case, the rank ordering within the distribution tends
to be preserved and high attainment areas pull away while low attainment areas
fall behind. However, overall trends toward divergence may be accompanied by
a great deal of distributional mobility, in which case there is a large amount of
leap-frogging. This implies that low attainment areas catch-up while high attain-
ment areas fall back.

We explore these issues by calculating transition matrixes for the 1970-2000
period for all LMAs and both LMA types. We wish to focus attention on the
within-distribution dynamics during the period, so we work with the mean-
adjusted log college attainment share relative to the nation. We calculate the college
attainment share relative to the nation as follows:

Sh f Populati ith BA+;
Relative College Attainment Share; = are o1 Topu a’ 1on “,,1 + ,
Share of Population with BA+ys

where i indexes LMAs. Thus, we remove trend growth in college attainment over
time.

Transition matrixes are one way to summarize the evolution of the overall distri-
bution (see Hammond and Thompson 2006, Fingleton 1997, 1999, and Quah 1993).
We choose to work with five classes of educational attainment. For instance, we sort
the data for college attainment by LMA for 1970 from lowest to highest and assign
the lowest 20 percent to quintile 1, the next lowest 20 percent to quintile 2, and so on.
We then track the movement of these LMAs across quintiles over time.

Mathematically, we represent our transition matrix as:

pun - - - P15
P[71+S = . . . . . B
pst - - . D55
where the p;; are the estimated probabilities of transition from class 7 to class j during

the span of time S. These p;; are defined so that
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Flxrrs) = Flxn * Prass,

where F,)is a (1 x 5) vector containing the income class distribution.

We use the transition matrixes to extract information regarding mobility and
modality in the distribution. We use the Shorrocks (1978) index to summarize mobi-
lity across class. This index is computed as follows:

# states — trace(Pyy5)
# states — 1

Shorrocks index =

)

where #states is the number of fractiles under consideration (in this case five). The
value of the index ranges between 0 and 1.25, with higher values indicating more
mobility across class.* We also present the rank correlation coefficient as an addi-
tional measure of mobility.

Table 2 presents the transition matrixes for college attainment from 1970 to 2000
for all LMAs, as well as metropolitan and nonmetropolitan LMAs. Each row shows
the mobility for a given 1970 educational attainment class over time. For instance,
for all LMAs, 63.2 percent of LMAs that were in quintile 1 (the lowest class) in 1970
were still in that quintile in 2000. However, 27.8 percent of LMAs that began in
quintile 1 moved up to quintile 2 during the period, while 8.3 percent moved up
to quintile 3, and 0.7 percent rose to quintile 4. No LMA transitioned from quintile
1 to quintile 5. Thus, the transition matrix provides information about the intra-
distribution mobility during the period.

Note from the transition matrix that quintile 1 and quintile 5 show the least mobi-
lity overall, with quintile 1 retaining 63.2 percent of LMAs and quintile 5 retaining
77.2 percent. We find more mobility in the middle quintiles, as they retain between
46.5 percent and 38.6 percent of LMAs during the period. The Shorrocks index for
this distribution is 0.585, suggesting that the distribution overall displays a modest
level of mobility. The rank correlation is 0.845 during the period, which is signifi-
cantly different from zero at the 1 percent significance level. For comparison pur-
poses, Hammond and Thompson (2006) calculate these mobility measures using
per capita personal income data for the 1969—1999 period and find a Shorrocks index
value of 0.729 and a rank correlation of 0.719. Overall, the all-LMA college attain-
ment distribution shows less intra-distribution mobility during the thirty-year period
than does the income distribution.

In addition, the share of LMAs in each class is similar in 2000 to the initial 1970
distribution. Overall, the evolution of the distribution (described using these discrete
classes) shows little tendency to converge over time, which is consistent with the
kernel density estimates and other summary measures presented earlier.

The results for metropolitan and nonmetropolitan LMAs (also shown in table 2)
suggest greater mobility within the nonmetropolitan distribution than within the
metropolitan distribution.’ Indeed, the Shorrocks index for nonmetropolitan LMAs
is 0.644, which is 14.3 percent higher than the metropolitan value of 0.558.
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Table 2. Transition Matrixes for College Attainment, Mean-Adjusted Log Relative Share
(Percent)

All Regions

Quintile (Q) QI1-2000  Q2-2000 Q3-2000 Q4-2000  Q5-2000
Range® 0.0-0.739 0.740-0.917 0.918-1.098 1.099-1.335 1.335-¢
QI-1970 63.2 27.8 83 0.7 0.0
Q2-1970 20.1 46.5 29.2 42 0.0
Q3-1970 83 313 40.3 17.4 28
Q4-1970 1.4 12.4 324 38.6 15.2
Q5-1970 0.0 1.4 28 18.6 77.2
Percent of Regions 1970 20 20 20 20 20
Percent of Regions 2000 19 24 23 16 19

Shorrocks index: 0.585; rank correlation: 0.845

Metropolitan Regions

Quintile (Q) QI1-2000  Q2-2000 Q3-2000 Q4-2000  Q5-2000
Range® 0.0-0.772 0.773-0.914 0.915-1.075 1.076-1.282 1.283-cc
QI-1970 80.4 15.7 39 0.0 0.0
Q2-1970 19.6 43.1 314 5.9 0.0
Q3-1970 39 25.5 29.4 373 39
Q4-1970 0.0 2.0 19.6 49.0 29.4
Q5-1970 0.0 1.9 3.8 19.2 75.0
Percent of Regions 1970 20 20 20 20 20
Percent of Regions 2000 21 18 18 22 22

Shorrocks index: 0.558; rank correlation: 0.873

Nonmetropolitan Regions

Quintile (Q) QI1-2000  Q2-2000 Q3-2000 Q4-2000  Q5-2000
Range® 0.0-0.757 0.758-0.922 0.923-1.080 1.081-1.305 1.306—00
QI-1970 51.6 28.0 18.3 22 0.0
Q2-1970 18.3 44.1 28.0 9.7 0.0
Q3-1970 7.5 237 46.2 19.4 32
Q4-1970 22 9.7 387 376 1.8
Q5-1970 0.0 6.4 9.6 21.3 62.8
Percent of Regions 1970 20 20 20 20 20
Percent of Regions 2000 16 22 28 18 16

Shorrocks index: 0.644; rank correlation: 0.748

? Range reflects the mean-adjusted distribution, with conversion from natural log.

In addition, rank correlation in nonmetropolitan areas is 0.748, which is 13.8 percent
lower than the metropolitan level of 0.873.° Overall, we find that the distribution
dynamics differ across metropolitan and nonmetropolitan LMAs.
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Factors Influencing Regional Human Capital Dynamics

The distribution dynamics analyzed so far have identified evidence of human capital
divergence, accompanied by less intra-distributional mobility than we observe for
the per capita personal income distribution. However, there remains a significant
amount of intra-distribution mobility to be explained. For instance, for the all LMA
distribution, 53.2 percent of LMAs remained in the same quintile from 1970 to 2000.
During the same period, we find that 25.8 percent moved downward within the dis-
tribution, while 21.1 percent moved upward within the distribution. We also find
similar levels of mobility within both the metropolitan (61.3 percent remaining in
the same quintile while 38.7 percent moved either up or down) and nonmetropolitan
distributions (48.7 percent remaining in the same quintile, while 51.3 percent either
moved up or down).

There is previous research that has addressed specific factors that influence
human capital accumulation among LMAs (Hammond and Thompson 2008;
Suedekum 2006, 2008; Wheeler 2006; and Berry and Glaeser 2005). However, pre-
vious research does not directly analyze the determinants of rank or quintile mobility
within the distribution and does not investigate differences across metropolitan and
nonmetropolitan LMAs. Another key question is whether a different set of factors
influence quintile and rank mobility among LMAs with lower initial human capital
than LMAs with higher initial human capital. The key factors influencing human
capital growth could differ greatly among LMAs with low, high, or average initial
human capital.

We examine rank and quintile mobility among both metropolitan and nonmetro-
politan LMAs. We begin with a model for rank mobility. From 1970 to 2000, an
increase in college attainment relative to other LMAs is defined as a positive change
in rank.” Following Hammond and Thompson (2008) and Wheeler (2006), we
include measures of amenities, industry mix, colleges and universities, and tax rates
as explanatory variables. We also include a measure of local entrepreneurship, to
reflect issues raised by Berry and Glaeser (2005). Explanatory variables were gath-
ered for counties and then aggregated into the 722 multicounty LMAs. Table 3 con-
tains descriptive statistics for our right-hand side variables and we provide a brief
explanation of each now.

The tax variable is the effective tax rate defined as total state and local tax rev-
enue in the LMA in 1972 divided by area income in 1972. The tax data are from the
1972 Census of Government, Compendium of Government Finance, while the
income data were from the Bureau of Economic Analysis’ Regional Economic Infor-
mation System. The amenity variables are January and July temperature, a measure
of topography, and a variable for the percent of a LMA’s surface area covered by
water. This amenity data were compiled by the Economic Research Services of the
U.S. Department of Agriculture (McGranahan 1999). A variable for the number of
four-year colleges and universities per capita also is included given findings by
Bound et al. (2004) and Groen (2004) that states with more college students have
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Table 3. Summary Statistics for Independent Variables

Metro Nonmetro

Variable Mean Std. Dev. Mean Std. Dev.

Four-Year Colleges and Universities Per 0.010 0.007 0.009 0.016
Capita 1980 (X1,000)

Effective State and Local Tax Rate 1972 10.3 1.5 10.5 1.7
(percent)

Ruggedness (I = Plains, 21 = High 8.6 6.1 9.7 6.1
Mountains)

January Temperature 35.7 12.5 29.6 12.2

July Temperature 76.2 52 749 5.8

Percent Water 6.4 9.5 35 10.0

Entrepreneur Share 1970 12.1 2.9 18.9 5.8

Major Metropolitan Area 1990 0.2 0.4 0.0 0.0
(=1, Otherwise zero)

Employment Share 1970 (percent)
Farm 6.2 48 18.8 10.9
Agricultural Services 0.7 0.8 1.1 1.0
Mining 1.1 23 25 4.7
Construction 5.1 1.2 4.6 25
Manufacturing 20.2 10.3 13.6 10.7
Transportation, Comm., Utilities 49 1.5 4.2 1.8
Wholesale Trade 38 1.5 24 1.0
Retail Trade 15.1 1.9 15.3 2.8
Finance, Ins., and Real Estate 5.8 1.8 4.4 1.4
Services 17.8 3.6 15.4 3.6

higher levels of college graduates among the adult population, as well as findings by
Hammond and Thompson (2008) and Wheeler (2006) that the LMAs with more
four-year colleges and universities have faster growth in human capital. The number
of four-year colleges and universities in counties in 1980 was obtained from the
National Center for Education Statistics of the U.S. Department of Education. An
entrepreneurship variable is included defined as the ratio of nonfarm proprietor
employment in a LMA in 1970 divided by total employment in that year. A set of
industrial structure variables shows the share of total employment in each industry
in 1970. The Regional Economic Information System was the source for this data.
The industries included were the major industries in the Standard Industrial Classi-
fication system that prevailed during the 1970-2000 period. Government employ-
ment is the omitted variable.

Finally, a variable is included for rank in the share of college graduates in each
LMA in 1970. This is a necessary control if LMAs with lower initial rank for the
share of population with a college degree tend to be either more or less likely to have
an upward movement in rank, which could happen if, for example, there is a
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Table 4. Educational Attainment Rank Mobility Regression

Metro LMAs Nonmetro LMAs
Intercept 96.21* 19.92
Rank Pct. College Graduates in 1970 —0.27%%¢ —0.38*+*
Four-Year Colleges Per Capita 1,647.10%F* 980.28***
Effective State and Local Tax Rate 1972 —157.25 62.05
Ruggedness 0.230 0.87
January Temperature —0.54* —2.39%k*
July Temperature —0.43 0.17
Percent Water 0.66%+* 0.20
Entreprenuership 1970 —183.64 352.18%FF
Major Metropolitan Area (Cat 6) 17.97++
Share Farm Employment —23.32 —128.39
Share Agricultural Services —419.67 76.42
Share Mining —407.50%+* —403.627%%F
Share Construction 463.05%+* 624.83+*
Share Manufacturing —18.68 —80.89
Share Trans., Comm., and P.U. 55.92 —235.84
Share Wholesale Trade 189.00 130.60
Share Retail Trade —195.18 —89.35
Share Fin., Ins., and R.E. 478.10%+* 135.67
Share Services —92.38I 433.72°%%*
N 256 466
Adjusted R? 0.484 0.382

** Statistically significant at the 1% level.
**Significant at the 5% level.
*Significant at the 10% level.

tendency for more upward rank mobility in the lower portion of the distribution. When
interpreting the coefficient on the initial rank variable, it is important to remember that
the LMA with the lowest initial share of college graduates has a rank of 1. Therefore, a
negative coefficient on the rank variable would indicate that LM As with a lower initial
share college graduates had a tendency for more upward rank mobility.

Regression results are summarized in table 4. Results are presented for the 256
metropolitan LMAs and 466 nonmetropolitan LMAs. In other words, the metropol-
itan results were based on each metropolitan LMA’s rank among the 256 metropol-
itan LMAs, while nonmetropolitan results were based on rank among the 466
nonmetropolitan LMAs.

Results in table 4 indicate that regional entrepreneurship, amenities, university
presence, and industry structure all influence movements within the human capital
distribution in terms of rank mobility. Broadly speaking, the determinants of rank
mobility were similar for metropolitan and nonmetropolitan LMAs.

LMAs with more universities per capita exhibited upward rank mobility. The
coefficient on universities per capita was positive and statistically significant for
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both metropolitan and nonmetropolitan LMAs. The magnitude of the coefficient was
twice as large for metropolitan LMAs suggesting a larger effect for metropolitan areas.

The coefficient on taxes was not statistically significant in either of the equations.
Among natural amenity variables, the coefficient on the January temperature vari-
ables was negative and statistically significant in both regressions in table 4, indicat-
ing that warmer winter temperatures encouraged downward mobility. This finding
could indicate that less educated households are attracted more to this amenity. For
example, one possibility is that, older residents, who on average are less likely to
have a college degree, may be more attracted to warm weather.

We found no evidence in the results in table 4 that the ruggedness or July tem-
perature amenity variables had an influence on rank mobility. However, metropol-
itan LMAs with more surface water were found to have greater upward mobility.

Among nonmetropolitan LMAs, higher levels of initial entrepreneurship were
associated with upward mobility. More entrepreneurial nonmetropolitan areas were
able to attract or grow more college graduates.

By contrast, greater levels of initial entrepreneurship were not associated with
mobility in metropolitan areas. This result is inconsistent with the results of Berry
and Glaeser (2005) who argued that entrepreneurs in metropolitan LMAs demanded
workers with higher levels of human capital, causing faster growth in the share of
college graduates in larger metropolitan areas. However, major metropolitan areas
with more than one million persons also had upward rank mobility, consistent with
the findings of Berry and Glaeser.

Industrial structure also influenced human capital. LM As with a larger share of
employment in farming or mining (rather than government) in 1970 experienced
downward rank mobility while LMAs with a larger share of employment in finance
and services exhibited upward rank mobility. This is consistent with the findings of
Wheeler (2006), who argued that industries such as services and finance use rela-
tively more college graduates while some goods producing industries such as agri-
culture or mining use fewer.

LMAs with a larger share of employment in construction also experience more
upward mobility. Construction typically accounts for a larger share of employment
in growing labor markets. Growing labor markets may attract more college gradu-
ates, since younger people are more likely to migrate and more likely to be college
graduates.

Finally, in table 4, we find a negative correlation between initial rank and rank
mobility for both metropolitan and nonmetropolitan areas. Therefore, LMAs at the
lower end of the education attainment distribution tend to show more upward rank
mobility than LMAs at the top.

In table 5, we examine factors that influence quintile mobility for LMAs. We start
with the same data used for the LMA transition matrixes in table 2, which breaks the
distribution of relative college attainment shares into quintiles in 1970 and then
tracks movement across quintiles during the thirty-year period. Quintiles are created
separately for metropolitan LMAs and nonmetropolitan LMAs.
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For each starting quintile, we create a dependent variable that measures quintile
mobility. For the lowest quintile in 1970, the dependent variable is a binary variable
equal to 1 if an LMA moved into a higher quintile by 2000 and equal to 0, if an LMA
remained in the lowest quintile. We estimate the model for this lowest quintile using
a probit model. For the highest quintile in 1970, the dependent variable was a binary
variable equal to 1 if an LMA remained in the highest quintile in 2000 and equal to
0 ifit fell into a lower quintile by 2000. We estimate the model for this highest quintile
using a probit model. For LMAs in the second, third, and fourth quintiles in 1970, the
dependent variable was a measure of quintile mobility with a value of 2 if an LMA
moved into a higher quintile in 2000 than it was in during 1970, a value of 1 ifan LMA
remained in the same quintile, and a value of 0 if an LMA fell into a lower quintile. We
assumed a normally distributed latent dependent variable and estimated an ordered
probit model. Limit points were reported for the underlying distribution.

We use the same independent variables included in the rank mobility regressions.
Table 5 reports the marginal effect of a one unit increase in the independent variable
on the probability of an upward quintile movement. Specifically, we report the mar-
ginal effect on the probability of moving to a higher quintile for LM As that began in
the first, second, third, or fourth quintile in 1970, and the marginal effect of remain-
ing in the highest quintile for LMAs that begin in the fifth quintile in 1970. In the
interest of brevity, we do not report the marginal effects of independent variables
on the probability of downward quintile movements. Finally, the variable for large
metropolitan areas with population at or above one million is only included for quin-
tile regressions for the third, fourth, and fifth quintiles. This is because Berry and
Glaeser (2005) found that it was large metropolitan areas with higher initial educa-
tion that exhibited the fastest increases in education attainment.

Estimates from the probit and ordered probit models are provided in table 5. Note
that we have fifty-one observations for each metropolitan quintile and ninety-three
observations for each nonmetropolitan quintile. Due to these relatively small sample
sizes, we see these results as exploratory and they should be interpreted with caution.
However, a number of results should be noted. In particular, as seen in table 5, many
of the factors that influenced rank mobility (in table 4) also influence quintile mobi-
lity, but the impact from these variables, such as four-year colleges or climate, was
less consistent. The inconsistent findings may result from our smaller sample sizes.
However, the results could indicate that factors that lead to marginal improvements
in rank mobility may not lead to the types of large improvements often required for
quintile mobility. The results also may indicate that the influence of these factors
may only hold for certain portions of the distribution.

The contribution of the independent variables to quintile mobility was particu-
larly weak for LMAs that begin in either the lowest or highest quintile in 1970. In
particular, for both metropolitan and nonmetropolitan LMAs in the highest quintile
in 1970, none of the marginal effects reported in table 5 were statistically signif-
icant. The same was found for metropolitan LM As that begin in the lowest quintile
in 1970.
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Several significant marginal effects were identified for nonmetropolitan LMAs
that began in the lowest quintile in 1970. Nonmetropolitan LMAs with a higher
degree of initial entrepreneurship, as measured by the share of proprietor employ-
ment in 1970, were more likely to transition to a higher quintile for human capital
in the year 2000. A higher effective tax rate also was found to increase the likelihood
of transition to a higher quintile, suggesting a positive role for tax policy. Transitions
to a higher quintile also were more likely in LM As with a larger share of the regional
employment in private industries rather than in government (the omitted category).

Among LMAs that fell in one of the middle quintiles in 1970, there were several
consistent findings regarding the factors that influenced the probability of upward
quintile mobility. For LMAs in the third quintile in 1970, there was a positive and
statistically significant marginal effect from increasing the number of four-year col-
leges or universities in a LMA. The marginal effect was greatest in metropolitan
areas. In a metropolitan LMA that began in quintile 3, adding one college per capita
would yield a 74 percentage point increase in the probably of transitioning to a
higher quintile. In a nonmetropolitan LMA that began in quintile 3, adding a one col-
lege per capita would yield a 14 percentage point increase in the chances of an
upward transition. The marginal effect of adding another four-year college was not
statistically significant for LM As that were in the second or fourth quintile in 1970,
in either metropolitan or nonmetropolitan LMAs.

In several cases, we also found that warmer average January temperatures
decreased the probability of a transition to a higher quintile. For metropolitan LMAs
that begin in the fourth quintile in 1970, a one degree increase in average January
temperature decreased the probability of jumping to a higher quintile by just under
3 percentage points. A similar size marginal effect was identified for nonmetropoli-
tan LMAs that begin in the second quintile in 1970. The calculated marginal effect
also was negative for most other quintiles but was not statistically significant.

Among industry share variables, positive and statistically significant marginal
effects were identified in several cases for the LMAs that had a higher initial share
of employment in the construction, finance, and services industries in 1970s. This
result held for both metropolitan and nonmetropolitan LMAs and also is consistent
with the findings for rank mobility in table 4.

Conclusion

Human capital is one factor that significantly influences local economic growth. Our
goal in this research is to analyze trends in human capital dynamics during the past
thirty years. Our results suggest a rich variety of trends and dynamics across Census
regions and across metropolitan and nonmetropolitan LMAs. These varied dynamics
are likely to contribute to vastly different growth outcomes across LMAs during the
next thirty years.

Overall, our results suggest that the U.S. economy has experienced a significant
amount of skill upgrading during the past thirty years. There is now a significantly
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larger share of the population with a bachelor’s degree or better as the highest level
of attainment. However, this skill upgrading has not been shared evenly across
LMAs. Indeed, we find the college attainment gap between metropolitan and non-
metropolitan regions remains large. In addition, we find a large increase of
within-distribution dispersion for all LMAs, as well as for metropolitan and nonme-
tropolitan LMAs, and even Census regions.

Furthermore, as human capital accumulation is highly varied, and potentially
diverging, among LMAs, we also examined factors that influence distributional
dynamics among LMAs. We found that an increase in the number of four-year col-
leges and universities per capita increased an LMAs upward rank mobility in terms
of human capital. Furthermore, for select quintiles, we also found that raising the
number of four-year colleges and universities increased the probability of upward
quintile mobility. In all these results, the influence of education institutions on rank
and quintile mobility was estimated to be larger in metropolitan than in nonmetro-
politan LMAs.

A warmer climate was found to encourage downward rank mobility, and for
select quintiles, to decrease the probability of upward quintile mobility. These find-
ings, which held for both metropolitan and nonmetropolitan LMAs, suggest that col-
lege graduates are less responsive to this climate amenity than those without a
college degree. This could occur because older residents, who on average are less
likely to have a college degree, may be more attracted to warm weather. Industry
structure was found to influence both rank and quintile mobility in metropolitan and
nonmetropolitan LMAs. In particular, LMAs with a higher share of initial employ-
ment in construction, finance, and services exhibited greater upward rank mobility,
and for select quintiles, an increased the probability of transitioning to a higher quin-
tile. Finally, entrepreneurship, as measured by proprietor’s share of employment,
was associated with greater upward mobility among nonmetropolitan LMAs, partic-
ularly among LMAs with lower levels of initial education.

Notes

1. Examples include Hammond and Thompson (2008), Hammond and Thompson (2006),
Hammond (2006), Higgins, et al. (2006), Hammond (2004), Henry, Barkley, and Li
(2004), Huang, Orazem, and Wohlgemuth (2002), Rupasingha, Goetz, and Freshwater
(2002), Beeson, DeJong, and Troesken (2001), Nissan and Carter (1999), and Carlino and
Mills (1987).

2. Literature examining the growth of human capital in regions generally has focused on
aggregate growth, whether the source of growth was net migration of high human capital
workers, or human capital accumulation among a region’s indigenous population. The
relative importance of migration versus indigenous human capital accumulation is an
important topic for future research. Recent research, however, finds that the two effects
are reinforcing within regions (Beckstead, Brown, and Newbold, 2008), suggesting that
analysis of aggregate human capital growth rates will not mask any conflicting patterns
among these two sources of human capital formation.
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3. The basic trends are similar for county data classified by metropolitan/nonmetropolitan
status in 1973.

4. As Geweke, Marshall, and Zarkin (1986) and Quah (1996) point out, there are many ways
to summarize mobility within a distribution. We use the Shorrocks index because it is sim-
ple and intuitive. Quah (1996) finds significant similarities across various measures of
mobility.

5. We test for differences across transition matrixes both across region type and decade using
the loglinear modeling approach implemented by Fingleton (1997, 1999) (see also Ham-
mond and Thompson 2006) for additional details). Loglinear models describe relationships
between categorical variables. In our case, the main categorical variables will be beginning
and ending year college attainment rates, which are categorized into five classes. We reject
the null that the metropolitan transition matrix is equal to the nonmetropolitan matrix at the
1% level.

6. Both are significantly different from zero at the 1% level.

7. The region with the highest college attainment is assigned rank 256 and the region with the
lowest college attainment is assigned rank 1. For example, if a region was ranked 200 out
of 256 in metropolitan LMAs in 1970, and then rose to be ranked 225 in 2000, the change
in rank would be +25. If instead, the region fell to a rank of 175 in 2000, then the change in
rank would be -25.

Declaration of Conflicting Interests

The author(s) declared no conflicts of interest with respect to the authorship and/or
publication of this article.

Funding

The author(s) received no financial support for the research and/or authorship of this
article.

References

Baumol, W. J. 1986. Productivity growth, convergence, and welfare: What the long-run data
show. American Economic Review 76:1072-85.

Beckstead, D., W. M. Brown, and K. B. Newbold. 2008. Cities and growth: In situ versus
migratory human capital growth. The Canadian Economy in Transition Series J. Statistics
Canada, 11-622-M, no. 019.

Beeson, P., D. DeJong, and W. Troesken. 2001. Population growth in U.S. counties 1840-1990.
Regional Science and Urban Economics 31:669-99.

Berry, C. R., and E. Glaeser. 2005. The divergence of human capital levels across cities.
Papers in Regional Science 84:407-44.

Bound, J., J. Groen, G. Kezdi, and S. Turner. 2004. Trade in university training: Cross-state
variation in the production and stock of college-educated labor. Journal of Econometrics
121:143-73.

Downloaded from irx.sagepub.com at UNIV NEBRASKA LIBRARIES on February 12, 2016


http://irx.sagepub.com/

Hammond and Thompson 419

Carlino, G. A., and E. S. Mills. 1987. The determinants of county growth. Journal of Regional
Science 37:39-54.

Crihfield, J. B., and M. P. H. Panggabean. 1995. Growth and convergence in U.S. cities.
Journal of Urban Economics 38:138-65.

DeLong, J. B. 1988. Productivity growth, convergence, and welfare: Comment. American
Economic Review 78:1138-54.

Drennan, M. P. 2005. Possible sources of wage divergence among metropolitan areas of the
United States. Urban Studies 42:1609-20.

Fingleton, B. 1997. Specification and testing of Markov chain models: An application to con-
vergence in the European Union. Oxford Bulletin of Economics and Statistics 59:385-403.

Fingleton, B. 1999. Estimates of time to economic convergence: An analysis of regions of the
European Union. International Regional Science Review 22:5-34.

Geweke, J., R. C. Marshall, and G. A. Zarkin. 1986. Mobility indices in continuous time
Markov chains. Econometrica 54:1407-23.

Glaeser, E., and A. Saiz. 2004. The rise of the skilled city. Brookings-Wharton Papers on
Urban Affairs 5:47-94.

Glaeser, E., J. Scheinkman, and A. Shleifer. 1995. Economic growth in a cross-section of
cities. Journal of Monetary Economics 36:117-43.

Groen, J. A. 2004. The effect of college location on migration of college-educated labor.
Journal of Econometrics 121:125-42.

Hammond, G. W. 2004. Metropolitan/non-metropolitan divergence: A spatial Markov chain
approach. Papers in Regional Science 83:543-63.

Hammond, G. W. 2006. A time series analysis of U.S. metropolitan and non-metropolitan
income divergence. Annals of Regional Science 40:81-94.

Hammond, G. W., and E. Thompson. 2006. Convergence and mobility: Personal income
trends in U.S. metropolitan and non-metropolitan regions. International Regional Science
Review 29:35-63.

Hammond, G. W., and E. Thompson. 2008. Determinants of income growth in metropolitan
and nonmetropolitan labor markets. American Journal of Agricultural Economics
90:783-93.

Henry, M. S., D. Barkley, and H. Li. 2004. Education and nonmetropolitan income growth in
the south. The Review of Regional Studies 34:223-44.

Higgins, M. J., D. Levy, and A. T. Young. 2006. Growth and convergence across the United
States: Evidence from county-level data. Review of Economics and Statistics 88:671-81.

Huang, T., P. F. Orazem, and D. Wohlgemuth. 2002. Rural population growth, 1950-1990:
The roles of human capital, industry structure, and government policy. American Journal
of Agricultural Economics 84:615-27.

McGranahan, D. 1999. Natural amenities drive rural population change, Agricultural Eco-
nomic Report #781, USDA Economic Research Service, Food and Rural Economics
Division.

Moretti, E. 2004. Estimating the social return to higher education: Evidence from longitudinal
and repeated cross-section data. Journal of Econometrics 121:175-212.

Downloaded from irx.sagepub.com at UNIV NEBRASKA LIBRARIES on February 12, 2016


http://irx.sagepub.com/

420 International Regional Science Review 33(4)

Nissan, E., and G. Carter. 1999. Spatial and temporal metropolitan and nonmetropolitan
trends in income inequality. Growth and Change 30:407-29.

Quah, D. 1993. Empirical cross-section dynamics in economic growth. European Economic
Review 37:426-34.

Quah, D. T. 1996. Aggregate and regional disaggregate fluctuations. Empirical Economics
21:137-59.

Rauch, J. E. 1993. Productivity gains from geographic concentration of human capital: Evi-
dence from the cities. Journal of Urban Economics 34:380-400.

Rupasingha, A., S. J. Goetz, and D. Freshwater. 2002. Social and institutional factors as deter-
minants of economic growth: Evidence from the United States counties. Papers in
Regional Science 81:139-55.

Shapiro, J. M. 2006. Smart cities: Quality of life, productivity, and the growth effects of
human capital. Review of Economics and Statistics 88:324-55.

Shorrocks, A. F. 1978. The measurement of mobility. Econometrica 46:1013-24.

Simon, C. J. 1998. Human capital and metropolitan employment growth. Journal of Urban
Economics 43:223-43.

Simon, S. J. and C. Nardinelli. 2002. Human capital and the rise of American cities, 1900-
1990. Regional Science and Urban Economics 32:59-96.

Suedekum, J. 2006. Human capital externalities and growth of high- and low-skilled jobs. IZA
Discussion Paper 1969. Bonn, Germany: Institute for the Study of Labor.

Suedekum, J. 2008. Convergence of the skill composition across German regions. Regional
Science and Urban Economics 38:148-59.

Tolbert, C. M., and M. Sizer. 1996. U.S. commuting zones and labor market areas: A 1990
update. ERS Staff Paper # 9614, USDA Economic Research Service, Rural Economy
Division.

Wheeler, C. H. 2006. Human capital growth in a cross-section of US metropolitan areas.
Federal Reserve Bank of St. Louis Review 88:113-32.

Downloaded from irx.sagepub.com at UNIV NEBRASKA LIBRARIES on February 12, 2016


http://irx.sagepub.com/


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages false
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 266
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 200
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 266
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 900
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (U.S. Web Coated \050SWOP\051 v2)
  /PDFXOutputConditionIdentifier (CGATS TR 001)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /Unknown

  /Description <<
    /ENU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements true
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 9
      /MarksWeight 0.125000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
  /SyntheticBoldness 1.000000
>> setdistillerparams
<<
  /HWResolution [288 288]
  /PageSize [612.000 792.000]
>> setpagedevice


